MUHUCTEPCTBO HAYKN U BbICLLIEFO OBPA30BAHUA POCCUNCKOW ®EAEPALINN

depepanbHoe rocyjapcTBeHHOe aBTOHOMHOe o6pa3oBaTesibHOE yupex/eHue Bbiclero o6pasoBaHus
«HoBOCMOBUPCKNIA HauMOHabHbIA UccnefoBaTelbCKUn rocyfapCTBEHHbI YHUBEPCUTET»

Kadpegpa: [AMCKPETHOro aHasM3a 1 UCcCNefoBaHus onepawuuii, KOMMNbIOTEPHbLIX CUCTEM, KOMMbLIOTEPHbLIX TEXHOOMIA, 06LLeli UHKPOPMATVIKY, NapasiesibHbIX BbIYMCIEHUIA, CUCTEM UHCDOPMATVKM
®akyNbTeT/MHCTUTYT: ®akybTeT MH(OPMALMOHHBIX TEXHOOTNIA

KBanudgmkauusa: MarucTp o Hayana NoAroToBKM 2025
dopma 06yueHus: OuHas (no yue6Homy nnaHy)
Cpok 06yyeHuns: 2 roga

O6pasoBaTesbHbli CTaHaapT YTBEPXAEH NpukasoMm MuHucTepcTBa 06pa3oBaHUs U Hayku
TpypgoemkocTb OMOM: 120 3ET

Poccuiickon ®epepauymm ot 19.09.2017 Ne 918

Tunbl 3aga4 NpoeccuoHanbHoW geaTeNnbHOCTH
Hay4Ho-MccneoBaTe bCKuii

COINTACOBAHO
MpopekTop Mo y4ebHoli paboTe /Cabnuna C.I'Y
HauanbHWK ynpaBneHusi akafeMmnyeckoin nonuTukm /Walwkosa M.B./

[exkaH OUT /NaBpeHTbes M.M./



KBanudvkaums: YYEGHbIN MJ1AH

Maructp ®dopMa obyueHus: OuHas
CpokK 0byueHus: 2 roaa depepanbHoe rocyaapcTBeHHOe aBTOHOMHOE 06pa3oBaTesibHOE yupeXxAeHMe BbiClIero o6pasoBaHus
OpobpeHo «HoBOCM6MPCKMiIA HALMOHAJIbHbIN UCCefoBaTeNbCKUIA rOCyAapCTBEHHbIN YHUBEpCUTET»

YyéHbiM CoBeTtoM OUT HIY N299 "H(pOpMaTMKa M BblYUC/NINTEJIbHaA TEXHUKa

Marucrp
« » . " .
07> anpens 2025 r UHcdbopmaTuka M BbluucUTeNbHasa TexHuka. UcKyccTtBeHHbIN nHTennekT un Data Science

2025r.

PACDEAENEHE 10 W/pCaNT W REPVORA KOMTFon
Mo cemectpam Konuuecrso B TOM yncne 1 kype. 2 Kype.
Nepswiit cemecTp. Bropoit cemectp Tperwit cemecTp YeTBepTiii cemecTp 8
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[B1- Aucumnnune: (woayan) ONK-1,2,3,4,5,6,7,8,
123 123 123 1 2916 2916 | 1148 1208| 1708 81 176 | 102 32 14 | 8 |49 96 |1008| 28 9 | 208 12| 2 |ss8| 24 | 900 25 176 | 268 18 | 6 |48 | 72 |1008| 28 e T
1.6 Obmaarensnan wacte ONK-1,2,3,4,5,6,7,8,
1,23 123|123 1 2304|2304 | 880 | 930 |1374| 64 176 | 192 | 32 14 | 8 |49 96 [1008| 28 64 144 8 | 2 [406| 24 | 648 | 18 98 | 174 12 [ 6 |286| 72 | 648 | 18 YK-2,3,4,5
[BrE1 Cospemenrble npobnems! W i TexHAKN 3 108 | 108 | 45 49 59 3 15 | 30 2 2 [ 35 | 24 |108] 3 KapCUOUT
616.2 cucTembl 3 144 144 60 64 80 4 30 30 2 2 56 24 | 144 4 KapOUOUT
6163 MeTOAONOMMM aHANW3a AAHHBIX 1 144 144 64 68 76 4 32 32 2 2 52 24 | 144 4 KacCHOUT
BLEA4 HelpoceTy v MaluHHoe oByderme 3 144 | 144 | 60 | 64 80 | 4 30 | 30 2 | 2 | 56 | 24 | 144 | 4 KadCHOUT
BLES ©unocodms M MeToonorA Hayki 3 3 72 72 32 | 34 38 | 2 8 | 24 2 38 72 | 2 KaOnion
6166 | Avans anropimmos 1 144 | 144 | 48 | so | o4 | 4 % | % 7 % | 4 [
B1.6.7 CoBpeMeHHbIE METOAb! 1 252 252 96 100 152 7 64 32 2 2 128 | 24 | 252 7 KacCHOUT
BLES MORENW W METORs! NPHATIS peweryit 1 1 144 | 144 | 64 | 68 76 | 4 32 | 32 2 | 2 | 52| 24 | 144 4 [
B1.5.9 | AManis AaiHeix 4 MawnHoe obyenne 2 144 | 144 | 64 | e8 | 76 | 4 T 2 | 2 [ 52|24 [1aa] 4 KapHONT
B1.5.10 | Ynpamnesie npoeKranyt saaui, METORs], WHCTpYHENTS! 2 216 | 216 | 64 | 66 | 150 | 6 16 | 48 2 150 216 | 6 KapHONT
BLE.IL 16 8 CynepeeIMCnennsx Data Science 3 108 | 108 | 45 | a7 61 3 15 | 30 2 61 108 | 3 KaCUOUT
61.5.12 +a Python 1 108 [ 108 [ 48 52 56 3 16 | 32 2 2 | 32| 24108 3 KadCUOUT
616.13 TnyBoKwe HelfponHbie ceTu 1 108 | 108 48 50 58 3 16 | 32 2 58 108 | 3 KaCHOUT
616.14 2 2 180 180 48 50 130 5 16 32 2 130 180 5 KaCHOUT
B1.6.15 AHINMVCKHI A3bIK 123 [ 1,23 288 288 94 100 188 8 32 2 74 108 3 32 2 74 108 3 30 2 40 72 2 KapCUOUT
51.B HacTh, (hOPMMPYeMan yHacTHHKaMN OGPA3OBATENbHLIX OTHOLIGHHH 23 ol ol 2 | o . 152 22| 7 8 | oa o o2 260 | 10
51.8.0A 3 252 252 112 116 136 48 | 64 4 136 252 7 MKC-1
518041 | rpadmeckux npoueccopos 3 144 [ 144 [ 64 | 66 | 78 | 4 2 | 3 2 78 144 [ 4 KaCHOUT MKCT
51.8.04.2 ‘OGDaEmKa undpoBbIX i 3 108 108 48 50 58 3 16 32 2 58 108 3 HCUOUT MKC-1
51.8.18 no 2.3 360 | 360 [ 156 [ 162 | 198 | 10 32 | 64 4 152 252| 7 30 | 30 2 46 08| 3 MKC-1,YK-3
51.B./1B.1 no sbiGopy. Bnok 1 2 144 144 4t 50 94 4 16 | 32 2 94 144 4 &
51.6.06.1.1 | Texuniecian o IT npoeirax > 144 | 144 | 48 | so | o4 | 4 16 | 32 2 04 144 | 4 KaGCHOT Vi
51.8./18.1.2 | ®opmansHoe onvucanme i1 IEATENBHOCTH Ha A3bike GU3HEC NPoLIECCOB. 2 144 144 A 50 94 4 16 32 2 94 144 4 KapCUOUT VK-
51.8./18.1.3 | NoTokoBble anroputMsl 2 144 144 A 50 94 4 16 32 2 94 144 4 KapCUOUT VK-
51.8,05.1.4 | Boenerme 8 crens > 194 | 144 | 48 | so | o4 | 4 6 | 3 2 94 144 | 4 Kap/oAT Vi
51.B./1B.2 no sbiGopy. Bnok 2 2 1 1 4t 50 5 16 | 32 2 58 108 3 MKC-1
61.8.48.2.1 GM3HeC NPoLIeccos 1 cucTeM 2 1 1 A 50 El 16 32 2 58 108 3 KaCHOUT MKC-1
61.8./18.2.2 wHTennexta v Data Science B 3apauax 6vonormm 2 1 1 A 50 El 16 32 2 58 108 3 KaCHOUT NKC-1
61.8.18.2.3 wHTennexta u Data Science B ¥ MHAYCTPMM 2 1 1 A 50 El 16 32 2 58 108 3 KaCHOUT NKC-1
51.6.06.2.4 ynennexra v Data Science e 3anavax e 2 108 | % | 50 | s 16 | 3 2 58 108 [ 3 [ [}
51.8.08.25 |Or crevs peansioro apevern > 108 | 1 50 | s 16 | 32 2 58 108 | 3 Kap/OAT [}
51.B./1B.3 no sbiGopy. Bnok 3 3 1 1 62 46 30 | 30 2 46 108 3 YK-3
51.8.,18.3.1 | ERP-cucTems 3 1 1 62 a6 30 | 30 2 46 108 | 3 KagCUOUT VK3
51.8./18.3.2 | xoHomuka IT cbeps 3 1 1 62 46 30 | 30 2 46 108 [ 3 GCUOUT VK3
51.8.18.3.3 | VT-Cepanc mesemkment 3 1 1 62 46 30 | 30 2 46 108 | 3 KaCUOUT VK3
B2. NpakTuka OK-3,4,6,
2o 1080 1080 28 |1052( 30 | 104 2| 2 108 | 3 |140 2| 2 144 | 4 | 104 2| 2 108| 3 | 704 14| 2 720 | 20 e
B2. 34 828 828 20 808 23 104 2 2 108 3 704 14 2 720 | 20 OMNK-3,4,6,YK-1,2,6
52.5.N npaKTHKa 34 828 828 20 808 23 104 2 2 108 3 704 14 2 720 | 20 OMNK-3,4,6,YK-1,2,6
B26.N.1 npaKTHKa (Hay: padora) Ka®AMMO, KagKCOUT, | ONK-3,4,6,YK-1,6
4 720 | 720 16 | 704 | 20 704 | 2 720 | 20 |KagKTOMT, KahOMOUT,
KaBOWT, KabCUONT
B26n2 paTa ) GO, KGOKCOUT, | OK-3,4,6YK1,2,6
3 108 108 4 104 3 104 2 2 108 3 KadKTOUT, KacpOUOUT,
KacpMBOWT, KaCUOUT
OTHOWeHMiT 1,2 252 252 8 244 7 | 104 2 2 108 3 140 2 2 144 4
wan nparnia 12 252 | 252 8 | 204 7 |108 2|2 108 | 3 [140 2|2 144 | 4
V12612 APaITHKG (TEXHONOTHNECKaR (TPOSKTHO TEXHOTOTINECKas) MPaKTHIG) KaIAMHO, KakCOUT,
12 232 | 232 8 | 2| 7| 104 2 |2 108 3 | 140 2|2 14| 4 KaKTOUT, KaOMOUT,
KaMBOWT, KabCUONT
B3. TocyRapcracHan wrorosan aTrecraiimn ONK-1,2,3,4,5,6,7,8,
4 324 | 324 4 3209 2 | 2 |320]|324 9 nKc-1,
YK-1,23,4,56
B3..1 [ W 3aLUMTa BbINYCKHOM i paboThi KapAWMO, KaKCOMT,  |OMK-1,2,3,4,5,6,7,8,
4 324 | 324 4 |30 9 2| 2 |30 34| o |KeokTomT, KaooMT, |MKC,
KadpNBOUT, KachCUOUT ¥K-1,2,3,4,5,6
OTA. Gayneratuest R VK4
OTA.1 | AHrWiickit s3biK - NOATOTOBKA K Meny 2 72 72 32 34 38 2 32 2 38 72 2 KaCUOUT VK4
Wroro 4320] 4320| 1148 1240 3080[ 120 104 176 192[ 32| 2 [ 16 [ & [as0| 96 [1116] 31 [ 140 96 [208] 2 [ 1a | 2 [ '558] 24 [1044] 29 [ 104 176] 268| 2 [ 20 | 6 [ass| 72 [1116] 31 [ 70 14| a | 2 [320[10aa 20
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